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Abstract 
I examine how household demographic and financial characteristics relate to the 
probability of being an entrepreneur for low to moderate income homeowners in the United 
States. Because houses are a major source of both wealth and debt for many families in the US, 
mortgage underwriting may influence the entrepreneurial decision. Previous explorations of this 
topic provide mixed results: homeownership may provide a source of collateral with which to 
finance a business loan; alternatively, homeownership and entrepreneurship may both require 
substantial leverage and liquidity by the household and thus could be conflicting goals for 
households. Using household level data from the Community Advantage Panel Study (CAPS), I 
use regression models to estimate the probability that homeowners are entrepreneurs, 
operationalized as self-employment, based on their demographic, financial, and mortgage 
underwriting characteristics at mortgage origination. Findings confirm socio-economic 
disparities found in the existing literature; minority homeowners, particularly African Americans, 
are significantly less likely to be entrepreneurs than white ones, and females less likely than 
males. These results persist even when controlling for income, age, education, marital status, 
geographic region, credit score, and home value. In addition, the results indicate that both the 
loan-to-value ratio of a household’s mortgage and the receipt of a windfall payment are 
negatively associated with the likelihood of becoming an entrepreneur. Overall, these results 
suggest that highly leveraged households may be less likely to engage in entrepreneurship.  
Future research should consider how these relationships may change over the course of the loan 
term as well as how the entrepreneurial activities of low income homeowners compare to those 
of similar renters. 
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Entrepreneurship among Low Income Homeowners 
Starting and sustaining a business requires substantial financial and human capital and 
thus entrepreneurship patterns reflect serious and persistent socio-economic inequalities in the 
United States. For example, approximately 10% of the employed US labor force is self-
employed; however this drops to around 5% for African Americans and 7.5% for Hispanics 
(Fairlie 2008). While starting a business can be very risky and earnings can be variable, research 
by Blanchflower (1998) suggests that the self-employed experience considerably higher job 
satisfaction than wage and salary workers, potentially due to non-pecuniary benefits such as 
autonomy and flexibility. Further, successful entrepreneurship can enable the accumulation of 
household wealth and human capital, and as such can be a powerful tool to encourage greater 
economic mobility among low income and minority households.  
Whether the net benefits of self-employment and entrepreneurship are positive or not 
depends on the individual and their business; however, it is clear that there is an unequal 
opportunity for households to start businesses. Given this, more specific knowledge about the 
factors that influence entrepreneurship among low income and minority groups is useful for 
economic development policies that seek to address both entrepreneurial activity and wealth 
inequality. One unresolved question in the literature on the determinants of entrepreneurship is 
how household financial characteristics influence the entrepreneurial decision. Because houses 
are both a major asset and source of debt for many families in the US, and homeownership is 
often held up as a pathway to economic mobility for low income households, it is important to 
understand how homeownership may uniquely influence the entrepreneurial decision. 
To explore this topic, my research questions are:  
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1) What factors are empirically associated with entrepreneurship among low and moderate 
income (LMI) households? In particular: 
a. How does self-employment vary by socio-economic characteristics within the 
sample of LMI homeowners? 
b. How do mortgage characteristics impact a household’s decision to start a business? 
c. How do one-time influxes of capital– inheritances, prizes, etc- impact a 
household’s decision to start a business?  
2) How do any empirical associations differ for entrepreneurs with employees and those 
without? 
To address these questions, I explore patterns of entrepreneurship, operationalized as self-
employment, within a national panel survey of low and moderate income homeowners.  
Defining Entrepreneurship 
No clear agreement exists in the literature on how to define entrepreneurship, and so 
before proceeding I discuss the conventions I will use in this paper. For the purposes of my 
analysis, I define entrepreneurship as self-employment. This is the most common way that 
entrepreneurship is defined in the literature, because it is the most available and inclusive 
measure. However, there are distinctions between the two concepts that may impact the 
interpretation of results. In the broadest and most colloquial definition, entrepreneurs may be 
thought of as those who work for themselves and start their own businesses; however, scholarly 
theories of entrepreneurship provide more nuance to this definition.  
Economist Joseph Schumpeter identified entrepreneurs as agents of innovation, which 
drives economic progress in a capitalist society (1942). However, business ownership per se does 
not necessarily imply innovation, nor does innovation require business ownership. 
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Entrepreneurship scholar Peter Drucker (1985) identifies an entrepreneur as a risk-taker who 
perceives and exploits opportunities for financial or other return. Again, risk-taking may occur 
separate from the act of owning a business and being self-employed, and not all self-employment 
may be risky. As these varying definitions show, self-employment is not necessarily equivalent 
to entrepreneurship. However, it is the “closest approximation to the manifestation of 
entrepreneurship” that can be easily measured (Parker, 2004). 
Another issues is that for some individuals, the distinction between employment and self-
employment may be ambiguous. For example, a problem with most official sources of self-
employment data is the misclassification of independent contractors. According to the US 
Internal Revenue Service, a key criterion to determine whether an individual is an independent 
contractor is if the payer controls the result of the work but not how the work itself is done. 
Misclassification is particularly problematic in industries such as construction and trucking 
where individuals are paid as contractors but are often not in control of how they do their work. 
Thus, self-employment data may contain records of individuals who would more properly be 
classified as wage employees.  
Another consideration is that some people may become self-employed out of necessity, 
after being unable to find work as an employee, particularly during times of economic recession. 
This experience may be very different than that of someone who started a business by choice at 
the time of their choosing. Acs (2006), working with the Global Entrepreneurship Monitor, 
makes a distinction between “necessity entrepreneurship” and “opportunity entrepreneurship.” 
Necessity entrepreneurs have “no better alternative” for work, while opportunity entrepreneurs 
do have other attractive work possibilities and may enter self-employment with more intention 
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and preparation. Indeed, as discussed earlier, Fairlie & Krashinsky (2012) found different effects 
when splitting a pooled sample into these two categories.  
One way the self-employment literature has tried to address these issues is to distinguish 
between self-employed individuals who have no employees and work on their own, or “own-
account workers” (International Labour Organization 1993), and self-employed individuals who 
have at least one subordinate employee, or “employers.” Earle & Sakova (2005) argue that the 
former group represents “clear cases of genuine entrepreneurship,” while the latter group is more 
ambiguous and could include not only entrepreneurs but also “displaced workers…forced to 
engage in whatever activity necessary to ensure their survival” (p. 8). Ultimately any distinction 
is highly subjective; in order to test empirically whether own-account workers more closely 
resemble employers, employees, or the unemployed, Earle & Sakova (2005) use a multinomial 
logit model to compare the characteristics of these groups. Their argument is that if the two 
groups of self-employed individuals are both similarly entrepreneurial, then certain determinants 
should be similar. They find that own-account workers do not align in their characteristics with 
any of the other groups and are in fact intermediate in most characteristics between employers 
and the other groups.  
The authors use a sample from six formerly socialist countries in Eastern Europe during 
the transition period of the early 1990s, which may not be generalizable to more developed 
countries or to the current day; however, their results do suggest that the two categories of self-
employment should be analyzed separately. Some authors use only employers when working 
with self-employment data, but I think that both groups are of interest. Therefore in this paper I 
first model the predictors of self-employment using the broader definition of all self-employment. 
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I then expand my model and distinguish between employers and own-account workers to see 
whether their predictors differ.     
Relevant Literature 
Extensive research has explored the determinants of entrepreneurship. Previous research 
suggests that entrepreneurs are more likely to be white, male, mid-career, more experienced; and 
married (Parker 2009; Lofstrom & Bates 2013; Fairlie 2008). Family background is also 
important; entrepreneurs are more likely to have parents who were also entrepreneurs, suggesting 
the occurrence of an intergenerational transfer of human and financial capital (Dunn & Holtz-
Eakin 1996). Other research finds that any link with education is ambiguous but is likely industry 
dependent (Parker 2009).  
One unresolved discussion in the literature on entrepreneurship is how financial 
characteristics such as income, wealth, and debt influence the entrepreneurial decision, and how 
these characteristics contribute to the socio-economic disparities in entrepreneurial entry 
discussed previously. For households with limited resources which are considering changing 
their source of income from employment to self-employment, other financial considerations are 
likely to impact entrepreneurial decision making. In addition to demographic characteristics 
discussed previously, I specifically examine the impacts of “windfall” income and mortgage 
characteristics. Windfalls are financial events that provide a sudden and often unexpected shock 
of financial liquidity to a household, such as receiving an inheritance, earning a bonus, or 
winning the lottery. This shock may be absorbed into a household’s regular budget, but it could 
also enable households to pursue opportunities they would otherwise have been unable to pursue. 
To contrast, purchasing and owning a home is a long term financial commitment that impacts all 
areas of a household’s finances. Because houses are both a major asset and source of debt for 
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many families in the US, it is important to understand how homeownership may uniquely 
influence the entrepreneurial decision.  
Financial Restraints and Entrepreneurship 
The assumption in examining these financial characteristics is that would-be 
entrepreneurs are constrained by their personal wealth, finances, and credit availability, which 
despite being an intuitive argument is debated within entrepreneurship literature. Those who 
support this financial restraints hypothesis argue that, in addition to human capital and a good 
business idea, “financial-capital resources are prerequisites for successful venture creation and 
operation” (Lofstrom & Bates 2013). The logic behind this argument is that entrepreneurial and 
capitalist functions operate separately in the economy – in other words, that personal wealth is 
needed for entrepreneurs to start businesses because capital markets underprovide it (Evans & 
Jovanovic 1989). While I do not examine wealth broadly for this paper, mortgage debt and 
windfall receipts are major financial events for a household and thus research on the general 
impact of financial restraints on entrepreneurship is informative. If financial restraints are indeed 
present for would-be entrepreneurs, then homeownership, by influencing both the level of 
homeowners’ liquidity and their ability to borrow more capital, may negatively impact their 
decision to enter entrepreneurship. Receiving a windfall, however, may positively impact the 
same decision, by increasing liquidity. If, as discussed earlier, self-employed individuals with 
employees are “more entrepreneurial” than own-account workers, than these impacts would be 
greater for the employers (Earle & Sakova 2005).  
However, debated in the literature is whether and to what extent financial restraints 
actually restrict entrepreneurial activity. There is clear evidence that there is great inequality in 
personal wealth and assets among households of different races, classes, and ages; what is 
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debated is whether these wealth differences are an explanation for disparities in entrepreneurial 
entry. Intuition, anecdote, and survey evidence certainly suggest that these differences are a key 
explanation. Blanchflower & Oswald (1998) find survey evidence that capital availability is the 
main barrier holding back potential entrepreneurs. Anecdotal evidence also suggests that 
financial restraints are a problem for entrepreneurs. As one example, community development 
finance non-profit Self-Help expanded from their original mission of small business lending into 
home-lending after finding that wealth disparities, often resulting from a lack of home equity, 
were barriers for the minority and low income small business owners they worked with (Eakes 
2000). However, quantitative studies find mixed evidence to support such anecdotes.  
In a seminal paper, Evans and Jovanovic (1989) explored the question of financial 
restraints by asking whether entrepreneurial and capitalist functions operate separately in the 
economy – that is, whether personal wealth is needed for entrepreneurs to start businesses 
because capital markets underprovide it. Using sample data from the National Longitudinal 
Survey of Young Men in 1976 and 1978, the authors find that wealthier people are indeed more 
likely to become entrepreneurs. Rejecting the idea that wealthy people just make better 
entrepreneurs, they find instead that financial constraints significantly bind would-be 
entrepreneurs. Thus the wealthy are more likely to be entrepreneurs because they can partially 
self-finance their ventures, with less capital needed from external sources; or, because they have 
more assets to use as collateral for borrowing from external sources. Their study uses a sample of 
only white men between the ages of 24 and 34, and so the results may not be generalizable to the 
broader population given the documented socio-economic disparities in self-employment rates.  
In an influential paper examining a pooled sample from the 1989 and 1994 waves of the 
Panel Study of Income Dynamics, Hurst and Lusardi (2004) break the panel into groups by 
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wealth and find that the relationship between wealth and entrepreneurial entry is only significant 
and positive for the top 5% of the wealth distribution in the US. With a pooled sample from the 
British Household panel Survey (BHPS), Disney and Gathergood (2009) likewise find evidence 
of a non-linear relationship between wealth and entry, driven by households at the top of the 
wealth spectrum. Hurst and Lusardi (2004) also split their sample into groups by industry, and 
find that entrepreneurial entry into industries with high initial capital requirements is similar to 
that of low capital industries. They interpret these findings to mean, contrary to Evans and 
Jovanovic (1998), that financial constraints are not actually a hindrance to entrepreneurial entry, 
at least on a large scale.  
However, recent evidence suggests otherwise. Fairlie (2012), also using the PSID, finds 
that Hurst and Lusardi’s (2004) results hold for a pooled sample. However, a different pattern 
becomes evident when the sample is split into those who lost their job before starting a business 
(“job losers”) and those who did not,  presumably leaving their job when they were ready to start 
a business (“non-job losers”). He finds that, when analyzed separately, both groups exhibit a 
significant relationship between wealth and entrepreneurship across the wealth spectrum; this 
relationship is stronger for job losers. These results indicate that financial constraints may exist, 
and that the entrepreneurial experiences of job losers and non-job losers may be different.  
Lofstrom and Bates (2011) find that entrepreneurial experiences may also differ by 
industry context, given that “the self-employed are indisputably an unusually diverse group, 
ranging from casual laborers at one end of the spectrum to highly educated and specialized 
professionals at the other” (p. 76). They find that in lines of business with low barriers to entry, a 
lower incidence of entry by blacks is not related to financial constraints, and suggest that it is 
instead due to structural issues of racial discrimination. However, in fields with a high barrier to 
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entry, they find that educational attainment and household wealth levels are positively related to 
entry.  
The differing results of these studies show that the evidence of a relationship between 
wealth and entrepreneurship is mixed, and that such as relationship may differ depending on 
entrepreneurs’ motivations, timing, and industry. To explain why financial restraints may not 
matter for some entrepreneurs despite qualitative evidence, Parker (2009) points out that survey 
results may be “prone to self-serving bias because entrepreneurs might blame banks for inherent 
shortcomings in their loan applications” (p. 282). Not all business ideas are good and should be 
supported with capital; thus, credit rationing (the denial of credit to a portion of those who 
demand and are willing to pay for it), may be rational and efficient in some cases. Additionally, 
respondents may exaggerate how serious they were about starting a business and how able they 
were to pursue it, conflating a lack of capital with a lack of motivation or entrepreneurial ability. 
Another explanation for disparities in entrepreneurial entry is that entrepreneurs are restricted by 
their human capital and racial discrimination, as touched on in the previous section, though it is 
difficult to separate these intertwined effects from those of personal and family wealth. An 
alternative hypothesis to that of financial restraints suggests that homeownership and other 
financial commitments increase risk aversion, which thus dampens entrepreneurial ambitions, 
rather than decreasing the financial ability per se of a household to start a business. 
Whether or not such a relationship exists, concerning issues of endogeneity arise in 
studies examining wealth as a predictor of entrepreneurship, limiting the interpretation of the 
results of such studies. As Parker (2009) points out in an extensive review of the literature on 
entrepreneurial economics, there could be unobserved factors leading an individual to both 
accumulate wealth and start a business (or to do neither), rather than a link between the two. 
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Such factors could include family background, business and financial acumen, ambition, and 
acquisitiveness of personality. Additionally, evidence suggests that individuals who are planning 
to start a business increase their level of savings in the periods prior, which could account for any 
higher levels of wealth observed for new entrepreneurs (Gentry & Hubbard 2004).  
Windfalls & Entrepreneurship 
There has also been considerable research on whether windfall receipts impact the 
probability that a household will become employed. Windfalls such as receiving an inheritance, 
winning the lottery, etc. may open up opportunities that a household would not otherwise have 
had access to, including the opportunity to start a business. More abstractly, these studies also 
further explore the question of financial restraints; in order to address issues of endogeneity in 
the previous studies, other studies use windfalls as a natural experiment. These studies propose 
that windfalls such as inheritances, lottery winnings, and even home value increases are 
unexpected and exogenous shocks that may provide increased liquidity to the household, and so 
can be used as instruments for financial restraints. If financial constraints are a barrier to 
entrepreneurship, then I would expect for these sudden liquidity increases to facilitate 
entrepreneurship.  
Lindh and Ohlsson (1996) and Blanchflower and Oswald (1998) use individual level 
cross sectional data and find a positive relationship between windfalls and self-employment. 
Lindh and Ohlsson (1996) find that having won the lottery, as a binary variable, is positively 
related to the probability of being self-employed in Sweden, as is the actual amount of an 
inheritance received. Blanchflower and Oswald (1998) also find that the amount of received 
inheritances and gifts are associated with being self-employed in Great Britain. 
ENTREPRENEURSHIP AMONG LOW INCOME HOMEOWNERS 13 
 
 
 Further studies use multiple years of data to identify the timing of windfall events in 
comparison to the self-employment entry. Holtz-Eakin, Joulfain, and Rosen (1994a, 1994b) used 
federal income and estate tax returns from 1981 and 1985 to examine the impact of inheritances 
on entrepreneurial choice and survival in the United States. They theorize that if capital 
availability is needed to become an entrepreneur, then the receipt of an inheritance provides 
capital and should increase entry into entrepreneurship. Indeed, their results suggest that the size 
of an inheritance is positively associated with both the probability of entry into entrepreneurship  
(1994a) and the survival of the venture (1994b).  
Using British panel data, Taylor (2001) and Georgellis, Sessions, and Tsitsianis (2005) 
find similar results. Taylor (2001) finds that the size of a windfall is related to entrepreneurial 
entry and performance. Extending Taylor’s study, Georgellis et al (2005) find that windfalls are 
more important for relatively lower income individuals, who may be more capital constrained.  
However, though they find a positive effect when using all windfalls, Georgellis et al (2005) find 
that results vary when analyzing particular windfall types separately. They find that 
unemployment payments and inheritances are positively related to entrepreneurial entry, while 
lottery winnings are negatively related. This suggests that it is not only the receipt of money but 
the context and timing that determine how a windfall affects household decision making.  
Notably, both Taylor (2001) and Georgellis et al (2005) distinguish that the relationship 
between windfall receipts and self-employment entry is quadratic and is positive only for 
windfalls under ₤15,000 and ₤22,000, respectively. Above this level, entrepreneurs may have an 
incentive to choose another type of employment, or to withdraw from the labor force completely.  
Recently scholars have suggested that housing capital gains can also be considered as a 
windfall that loosens a household’s financial constraints. Increases in home value, resulting from 
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improvements in the local real estate market, lower homeowners’ the loan-to-value ratio. This 
lowered ratio relaxes credit constraints by giving potential homeowner-entrepreneurs a larger 
source of equity to borrow against and a financial position that may be more attractive to a lender. 
A household may also have an increased ability to extract capital gains from the sale of the home 
if the owner moves to a less expensive home, and these gains could be used for business 
investment. 
At the regional level, several studies find a relationship between housing gains and 
entrepreneurship. In an early study, Black, de Meza, and Jeffreys (1996) find that a 10% increase 
in the local supply of collateral, represented by aggregated net housing equity, is related to a 5% 
increase in the number of business starts in the UK, measured by the number of Value Added 
Tax registrations. Adelino, Schoar, and Severino (2013) find that over the five years prior to the 
recession, areas in the US with higher rising house prices experienced a greater increase in small 
business starts and employment than areas with constant house prices, an effect not seen with 
larger employers. Using matched panel data from the CPS, Fairlie (2012) finds that unanticipated 
housing price gains at the metropolitan statistical area (MSA) level are associated with greater 
self-employment entry rates. Other studies find a relationship at the household level. Corradin 
and Popov (2015) and Harding and Rosenthal (2013) find that increases in home equity are 
associated with an increase in the probability that a household will become a business owner.  
Contradicting these findings however, Hurst and Lusardi (2004) and Bracke, Hiber, and 
Silva (2013) find that house price increases are not significantly related to an increased 
probability of entrepreneurship in the US or the UK. Hurst and Lusardi (2004) use regional 
changes in house prices as an instrument in their analysis, while controlling for state and regional 
economic conditions. They find that house price change is not a significant predictor of 
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household entry into entrepreneurship in the US.  Disney and Gathergood (2009) find only a 
weak relationship between the two, and their analysis suggests that this relationship is not causal.  
Overall, many of these studies suggest that there is positive relationship between 
receiving a windfall and becoming an entrepreneur, though research using increases in home 
value as proxy for a windfall cast some doubt on this relationship. There are limitations in 
interpreting this relationship, however. Lottery participation may reflect higher risk preference, 
which may itself predict entrepreneurial activity. Receiving an inheritance may reflect family 
wealth and human capital; having parents who were entrepreneurs has been found to be 
positively related to entrepreneurial activity, suggesting that an intergenerational transfer of 
human and financial capital occurs (Dunn & Holtz-Eakin 2006). Businesses themselves may also 
be inherited from a parent or other family member.  
Additionally, rather than an inheritance providing liquidity necessary to invest in a new 
company, it could relate to entrepreneurship by lowering risk aversion. Anticipation of future 
inheritances could lower risk aversion if an entrepreneur feels they will be able to rely on the 
inheritance to pay debts, to invest further in the business, or to support their personal 
consumption if needed in the future. Indeed, when closely examining the timing of inheritances 
and self-employment entry, both Hurst and Lusardi (2004) and Disney and Gathergood (2009) 
find that both past and future inheritances are predictors of entry into self-employment. Home 
value increases may reflect a location decision that was informed by unobserved characteristics 
which could also influence entrepreneurship. Additionally, in most cases house prices likely rise 
as a result of improving economic conditions in the local and national markets. These improving 
conditions could also encourage business formation, though the evidence linking the economic 
cycle to entrepreneurship rates is mixed at best (Parker 2009).  
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Homeownership & Entrepreneurship  
Housing and businesses may both be considered as part of a portfolio of household 
investments. A brief discussion of how each relates other investment decisions based on risk 
aversion and financial restraints provides insight on how they relate to each other; research on 
the relationship between homeownership and entrepreneurship is informed by a growing 
literature about the effects of both housing and entrepreneurship on investor portfolio allocation.  
For example, research on the impacts of housing on portfolio choice suggests that a 
household that invests in either its own home or business may reduce its stock market 
participation. In a cross sectional study, Heaton and Lucas (2000) find that the variability of 
entrepreneurial income, as a comparatively undiversifiable risk, is negatively related to the share 
of stockholding in an individual’s portfolio. Faig and Shum (2002) find that saving for “personal 
illiquid projects,” such as starting a business or buying a home, leads individuals to hold safer 
financial portfolios than would be expected based on their other characteristics. Gentry and 
Hubbard (2004) find that entrepreneurial households have higher savings rates and less diverse 
portfolios. 
These studies suggest that both being engaged in either entrepreneurship or 
homeownership, when they are risky or illiquid investments, can change household investment 
decisions and lead households away from other risky investments. Since entrepreneurship is an 
inherently risky investment, the effects of mortgage debt on starting a business may be analogous 
to its effects on other risky investments such as stockholding. Cocco (2005) finds that housing 
price risk “crowds out” stockholding, particularly for low net worth households. Refining 
previous approaches, Chetty and Szeidl (2010) find that an increase in mortgage debt reduces 
stock market participation, while increases in home equity have the opposite effect. If 
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entrepreneurship is also viewed by households as a risky investment, then a similar pattern may 
hold such that mortgage debt reduces entrepreneurial activity while the accumulation of equity 
increases it.  
The literature discussed thus far suggests that financial restraints likely have a negative 
impact on entrepreneurs’ decision to start a business, though this impact may vary depending on 
the type and industry of the business being started. It also suggests that homeownership may 
increase risk aversion and lessen a household’s preference for investing in other risky activities 
or assets. Drawing together all of the strands of the literature discussed thus far, two recent 
studies specifically examine the impact of home equity and mortgage debt 
Fairlie (2012) finds that when measuring wealth solely as net home equity, equity is 
positively associated with entrepreneurial entry rates across the income spectrum in the US. 
Preliminary evidence from Great Britain suggests that mortgage debt could increasingly deter 
business formation by raising risk aversion. In a current working paper, Bracke, Hiber, and Silva 
(2014) construct a theoretical model of the interactions between homeownership and 
entrepreneurship as an occupational choice, and then they test it using data from the British 
Household Panel Survey. They find that a one standard deviation increase in leverage on the 
house decreases the probability that the homeowner becomes an entrepreneur by 10%. However, 
as discussed above they find no relationship between house price gains and entrepreneurial entry. 
Therefore they reject liquidity restraints as an explanation homeownership’s “crowding out” 
effect on entrepreneurship. Rather, they suggest that mortgage debt increases risk aversion, 
which lessens the likelihood of pursuing a risky venture. Such an effect could be particularly 
acute for low-income households if they do not have other significant assets or savings to rely on. 
However, the authors point out that regulatory differences across countries may have serious 
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implications on how incentives are structured and on how households respond, calling for across 
country research on the subject.   
Overall, the question of how homeownership and home equity affect entrepreneurs in the 
US remains unresolved, though there is considerable evidence to suggest that high levels of debt, 
by creating a financial restraint and/or increasing risk aversion, have a deterrent effect on 
entrepreneurship- at least for some categories of entrepreneurs. Due to data availability, much 
research takes place in Great Britain; however, regulatory, social, cultural, and economic 
differences may prevent the generalization of these results to the United States. Across countries, 
most research uses broad measures of wealth or measures of housing price appreciation as 
proxies for capital and financial constraints, rather than examining how homeownership and 
home equity may uniquely impact entrepreneurship. A home is more than just a financial 
investment, and may impact household decision making differently than other investments. Most 
studies examining housing price gains use regional level data to measure gains in order to avoid 
issues of household endogeneity; however, this may miss more fine grained patterns of housing 
price changes. Recent research on portfolio allocation and homeowner-entrepreneurs suggests 
that the relative amount of debt versus equity in the home may influence the decision of 
households to start businesses.  
Contributions 
In this paper I examine the extent to which home equity and mortgage debt are related to 
the probability of entry into entrepreneurship for low-to-moderate income homeowners in the 
United States. This topic is important to inform whether policies that encourage homeownership 
have the added effect of either promoting or reducing entrepreneurial activity. The study will 
also assess whether homeownership and home equity helps lower-income, minority, and female-
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headed households start new businesses. The results will thus have policy implications for 
housing and economic development efforts by both public and private actors.  
Methodology & Data 
To explore the relationship between household characteristics and the decision to become 
an entrepreneur, I use a series of binary and cumulative logistic occupational choice models. An 
entrepreneurship oriented occupational choice model assumes that an individual makes a discrete 
choice between entrepreneurship and other possible employment options, based on a comparison 
of the utility they will receive from each alternative. The relative utility of each choice is a 
function of factors such as human capital, social capital, risk, psychology, socio-economic 
characteristics, industrial organization, the macroeconomy, and more (Parker 2009).  
It is assumed that an individual will enter into entrepreneurship if they will receive 
greater utility from this choice than from the other alternatives; therefore, we can infer the 
individual’s relative utility by observing their actual occupational choice. Thus the probability 
that an individual is an entrepreneur can be treated as a function of the factors mentioned above 
and estimated using a logistic model (Parker 2009). To operationalize the concept of 
entrepreneurship for these models, I first define it as all self-employment. I then expand this 
analysis to examine whether predictors differ along a spectrum of self-employment type, which 
may represent varying degrees of entrepreneurship.  
Model and Dependent Variable 
In the first model, I define entrepreneurship as self-employment. Based on the theoretical 
framework above, the binary outcome variable 𝑧𝑖 indicates whether the survey respondent (head 
of household) became self-employed after the baseline survey in 2003. The variable is defined as 
follows: 𝑧𝑖 = {
1, 𝑖𝑓 ℎ𝑒𝑎𝑑 𝑜𝑓 ℎ𝑜𝑢𝑠𝑒ℎ𝑜𝑙𝑑 𝑖 𝑏𝑒𝑐𝑎𝑚𝑒 𝑠𝑒𝑙𝑓-𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑑
0, 𝑖𝑓 ℎ𝑒𝑎𝑑 𝑜𝑓 ℎ𝑜𝑢𝑠𝑒ℎ𝑜𝑙𝑑 𝑖 𝑑𝑖𝑑 𝑛𝑜𝑡 𝑏𝑒𝑐𝑜𝑚𝑒 𝑠𝑒𝑙𝑓-𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑑
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As discussed previously, some entrepreneurship scholars suggest that self-employment 
with paid employees is a more appropriate measure of entrepreneurship. The logic behind this 
breakdown is that being an employer indicates a certain level of organization, job-creation and 
impact on the economy and is thus a more appropriate definition for entrepreneurship research. 
Indeed, some of the literature finds evidence that own-account self-employment and employer 
self-employment have empirically different characteristics and predictors (Earle & Sakova 2005).  
In a second binary logistic model, I restrict the definition of entrepreneurship to only 
those individuals who became self-employed and had at least one employee at some point during 
the survey period: 
𝑧𝑖 = {
1, 𝑖𝑓 ℎ𝑒𝑎𝑑 𝑜𝑓 ℎ𝑜𝑢𝑠𝑒ℎ𝑜𝑙𝑑 𝑖 𝑏𝑒𝑐𝑎𝑚𝑒 𝑠𝑒𝑙𝑓-𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑑 𝑎𝑛𝑑 𝑤𝑎𝑠 𝑎𝑛 𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑟
0, 𝑖𝑓 ℎ𝑒𝑎𝑑 𝑜𝑓 ℎ𝑜𝑢𝑠𝑒ℎ𝑜𝑙𝑑 𝑖 𝑤𝑎𝑠 𝑛𝑒𝑣𝑒𝑟 𝑠𝑒𝑙𝑓-𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑑  
𝑜𝑟 𝑏𝑒𝑐𝑎𝑚𝑒 𝑠𝑒𝑙𝑓-𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑑 𝑤𝑖𝑡ℎ 𝑛𝑜 𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑒𝑠                                   
 
While much of the literature separates the two groups of self-employed people, self-
employment can also be thought of as a spectrum in which the employer self-employed are more 
entrepreneurial than the own-account self-employed, but both groups are more entrepreneurial 
than employees. Expanding on the two binary models, I next use a cumulative logit model to 
model each category simultaneously. I add a third category to the dependent variable as follows:  
𝑧𝑖 = {
𝑖𝑓 ℎ𝑒𝑎𝑑 𝑜𝑓 ℎ𝑜𝑢𝑠𝑒ℎ𝑜𝑙𝑑 𝑖 𝑏𝑒𝑐𝑎𝑚𝑒 𝑠𝑒𝑙𝑓𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑑 𝑎𝑛𝑑 𝑤𝑎𝑠 𝑎𝑛 𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑟
1, 𝑖𝑓 ℎ𝑒𝑎𝑑 𝑜𝑓 ℎ𝑜𝑢𝑠𝑒ℎ𝑜𝑙𝑑 𝑖 𝑏𝑒𝑐𝑎𝑚𝑒 𝑠𝑒𝑙𝑓-𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑑                                                         
0, 𝑖𝑓 ℎ𝑒𝑎𝑑 𝑜𝑓 ℎ𝑜𝑢𝑠𝑒ℎ𝑜𝑙𝑑 𝑖 𝑑𝑖𝑑 𝑛𝑜𝑡 𝑏𝑒𝑐𝑜𝑚𝑒 𝑠𝑒𝑙𝑓-𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑑
 
This cumulative model estimates the probability that a household was in a higher category- that 
is, the probability that they were more entrepreneurial. 
In two of the previous models, being a woman and being black are associated with a 
lower likelihood of becoming an entrepreneur. Therefore in a final cumulative model using the 
2 
ENTREPRENEURSHIP AMONG LOW INCOME HOMEOWNERS 21 
 
 
same dependent variable, I include an interaction variable for race and gender, to examine the 
combined impacts of these characteristics on the likelihood of becoming self-employed.  
Data 
To evaluate which factors predict self-employment among low income households, I use 
data from the Community Advantage Program (CAP) Database, which includes a longitudinal 
panel that matches detailed mortgage performance data with an annual household survey. The 
Community Advantage Program began as a secondary mortgage market program developed out 
of a partnership among the Ford Foundation, Fannie Mae, and Self-Help Credit Union. Through 
this program, Self-Help purchases conventional, fixed-rate prime mortgages originated to low 
and moderate income (LMI) families through the Community Reinvestment Act-related lending 
activities of participating lenders.   
For the CAP database, Self-Help provides loan level mortgage origination and 
performance data. This data is then matched to an annual household survey conducted by the 
UNC Center for Community Capital, which contains in-depth information about the experiences 
of a sample of the CAP mortgage borrowers (n=3,743). 
Mortgages purchased under the CAP program meet the following criteria: 1) borrowers 
have an annual income of no more than 80% of the area median income (AMI), 2) borrowers are 
minority with an income not in excess of 115% of AMI, 3) borrowers purchased the home in a 
high-minority (>30%) or low-income (<80% of AMI) census tract and have an income not in 
excess of 115% of AMI.  Mortgages captured by the CAP database were originated as home 
purchase loans between 1999 and 2003 with fixed interest rates and without prepayment 
penalties or balloon payments.   
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Because the CAP data contains detailed financial, employment, and socio-economic 
observations about each respondent household, it can be used to examine variations within traits 
of LMI households that influence entry into business ownership. Employment type for the 
households in the sample is dynamic across the ten years of the survey. Table 1 shows the self-
reported employment type of survey respondents over the course of the survey. The self-
employed comprise 4-7% of the sample annually. This is slightly lower than the national self-
employment rate; data from the US Bureau of Labor Statistics indicates that over the last decade, 
between 10-11% of the employed population over age 16 has been self-employed in any given 
year. In my panel, the self-employed households are not unique households every year, and 
Table 2 shows the annual flow of respondents into and out of self-employment. In most years, 
the rates of entry into and exit from self-employment are similar. For my analysis, I constructed a 
pooled sample containing all households which entered self-employment at least once during the 
ten years, and compared them to households which had never entered self-employment.   
Table 1: CAPS Employment Type Across Years, 2003-2013 
 
Employment Type 2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 
Unemployed 283 221 238 211 247 296 377 342 335 331 306 
Employed 3428 2375 2453 1896 1815 2061 1837 1729 1633 1703 1585 
   Self-employed 156 139 144 121 113 140 123 107 129 141 124 
   Non-self employed 3272 2236 2309 1775 1702 1921 1714 1622 1504 1562 1461 
      Private 2634 1732 1727 1312 1144 1375 1181 1097 1145 1182 1087 
      Government 614 479 471 387 352 395 368 348 355 372 367 
      Family Business 11 6 47 35 38 47 36 54 4 8 7 
      Other 13 19 64 41 168 104 129 123 0 0 0 
Total 3732 2603 2693 2112 2073 2369 2222 2081 2011 2048 1917 
            
            Self-Employed 2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 
Total 156 139 144 121 113 140 123 107 129 141 124 
   Entered Self-Employment - 70 37 42 25 33 35 21 37 38 32 
   Left Self-Employment - 28 35 27 27 28 37 25 19 34 30 
 
Table 2: CAPS Self-Employment by Year, 2003-2013 
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A total of 471 respondents were self-employed in at least one year of the survey. As 
shown in Table 3, I remove individuals who were already self-employed at baseline (n=156), 
because they may have been self-employed for some time prior. Removing this group when 
constructing to sample separates the concepts of entrepreneurial entry and entrepreneurial 
survival, which, while both of interest, may have different predictors (Evans and Leighton 1989). 
This construction also ensures temporal precedence in my analysis, because I use baseline 
characteristics as the predictor variables; thus, all households in my sample become self-
employed in some time period after the predictor variables.  
The remaining group consists of the 315 respondents who became self-employed in at 
least one year over the course of the survey, comprising 9% of the sample. Of these, 73 (23%) 
had one or more employees in at least one year. As discussed previously, this group of employers 
may be more “entrepreneurial” than the self-employed as a whole. For this group, the mean 
number of employees was 7.5, with a standard deviation of 16, and the median number of 
employees was 2.  
Descriptive Statistics 
I use the baseline (2003) characteristics of both groups in the sample to predict whether 
 Frequency 
 
Percent 
 
In sample Not in sample  In sample 
   
 
 Never Self-employed 3261 
 
 91.2% 
Ever Self -Employed 
 
471   
   Self-Employed At baseline 
 
156   
      No employees 
 
118  
       One or more employees 
 
38  
    Became Self-Employed After Baseline 315 
 
 8.8% 
      No employees 242 
 
 
       One or more employees 73 
 
 
 Total 3576 156  100% 
 
Table 3: CAPS Employment Type by Year, 2003-2013 
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respondents ever became self-employed during the ten years of the panel. Table 4 summarizes 
the independent variables I use to predict the probability that a respondent is self-employed, and 
Table 5 tabulates these variables by each group in the sample. 
Table 4: Predictor Variables 
Variable Name Type Description 
Gender Categorical =1 if male 
Race Categorical Race or ethnicity of respondent 
Age Categorical Age category at baseline 
Marstatus Categorical Marital status at baseline 
Educ Categorical Educational attainment at baseline 
Kids Categorical Number of minor children at baseline 
Windfall Categorical =1 if respondent received an unexpected payment such as a 
prize, inheritance, or legal settlement at in any survey year 
prior to their first episode of self-employment 
Income_Log Continuous Log of annual income at baseline 
Credit Score Categorical Credit score category at baseline 
LTV Categorical Loan to value ratio category at baseline 
 
As discussed previously, much of the literature finds that gender is a major predictor of 
entrepreneurship. I use a binary variable that takes the value of 1 if the respondent is male. A 
higher percentage of the self-employed group was male than in the never self-employed group. 
This reflects a well-established pattern in the literature.  
The literature also finds that minorities, particularly African Americans, are less likely to 
be entrepreneurial. In my model the race variable comprises three categories: white, black, and 
other; the “other” category, combined due to low sample numbers, is primarily composed of 
Hispanic respondents. I also combine these variables to examine the combined impact of race 
and gender, constructing a race and gender variable that has six categories. I assign the reference 
category as white males, who the literature suggests are most likely to be entrepreneurs.   
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  Never Self-employed   Became Self-Employed   
 Predictor Number % Std Dev   Number  % Std Dev 
        Gender 
       
   Male 1712 52.5% 
  
195 61.9% 
    Female 1549 47.5% 
  
120 38.1% 
 
Race & Ethnicity 
       
   White 1964 60.2% 
  
212 67.3% 
 
   Black 666 20.4% 
  
42 13.3% 
 
   Other  631 19.3% 
  
61 19.4% 
 
Combined Race & Gender        
   White Women 897 27.5%   83 26.4%  
   White Men 1067 32.7%   129 41.0%  
   Black Women 457 14.0%   22 7.0%  
   Black Men 209 6.4%   20 6.4%  
   Other Women 195 6.0%   15 3.9%  
   Other Men 436 13.4%   46 13.5%  
Age (Mean) 35.3 
 
10.98 
 
33.7 
 
9.74 
   18-29 1241 38.1% 
  
135 42.9% 
 
   30-39 1051 32.2% 
  
103 32.7% 
 
   40-49 595 18.3% 
  
52 16.5% 
 
   50+ 373 11.4% 
  
25 7.9% 
 
Educational Attainment 
       
   Less than high school 293 9.0% 
  
23 7.3% 
 
   High school degree 709 21.8% 
  
65 20.6% 
 
   Some college 1432 43.9% 
  
146 46.4% 
 
   Bachelor’s degree 825 25.3% 
  
81 25.7% 
 
Marital Status 
       
   Married 1451 44.6% 
  
164 52.1% 
 
   Not married 1806 55.5% 
  
151 47.9% 
 
      Single, Never Married 776 23.8% 
  
67 21.3% 
 
      Partner or Companion 365 11.2% 
  
39 12.4% 
 
     Widowed/div/separated 665 20.4% 
  
45 14.3% 
 
Number of Children (Mean) 0.89 
 
1.13 
 
0.88 
 
1.12 
   None 1665 51.1% 
  
165 52% 
    One 725 22.2% 
  
64 20% 
    Two or more 871 26.7% 
  
86 27% 
 Annual Income $31,916 
 
$11,807 
 
 $  31,417  
 
$10,186 
Credit Score (Mean) 674.27 
 
60.11 
 
675.05 
 
58.40 
   <=640 1111 34% 
  
99 32% 
 
   641-680 742 23% 
  
73 23% 
 
   681-720 644 20% 
  
76 24% 
 
   >720 733 23%   
66 21% 
 
LTV (Mean) 96.22 
 
8.13 
 
95.59 
 
8.02 
   <=90% 305 9% 
  
46 15% 
 
   91-95% 237 7% 
  
21 7% 
 
   96-97% 1434 44% 
  
120 38% 
 
   98-99% 257 8% 
  
32 10% 
 
   100%+ 997 31% 
  
95 30% 
 
Received Windfall 1036 32%   65 21%  
 
Table 5: Predictor Variables 
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Table 5 shows that compared to the never self-employed group, a larger share of the self-
employed was white. Examining the interactions between race and gender shows the 
compounding of these effects: a larger share of the self-employed sample comprised white men, 
while a smaller share was made up of black women. 
Age is broken into four categories: 18-29, 30-39, 40-49, and 50+. Table 5 shows that on 
average, the self-employed were slightly younger at baseline than those who were never self-
employed. Marital status may also influence the decision to become an entrepreneur. Having two 
potential earners in the household with shared finances may provide more financial stability. I 
include a categorical variable of whether the respondent is married, is single, has a partner or 
companion, or is widowed, divorced, or separated. A higher percentage of respondents who were 
self-employed were married at baseline. The number of children in the home may also influence 
the decision. Having kids in the home may provide more motivation for a parent to secure their 
economic future; however, having children who are dependent on the parent for financial support 
may also increase the perceived risk of starting a business. I include a categorical variable of 
whether a household has 0, 1, or 2 or more minor children at baseline. The number of children 
was similar for both groups.  
 As discussed previously, receiving a “windfall” payment can represent an increase in 
financial liquidity that enables a household to pursue opportunities it would otherwise be unable 
to. I included a dummy variable that takes a value of 1 if the household received a windfall in 
any survey year prior to the year in which the respondent became self-employed.  This variable 
was taken from the question: “Since we last talked to you, have you received more than $500 
from a prize, inheritance, legal settlement or some other source that was unexpected?” 21% of 
respondents who became self-employed received a windfall at some point prior to becoming 
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self-employed. 32% of the non self-employed received a windfall at some point during the entire 
panel.  
I also include several other baseline financial characteristics. To the extent that baseline 
income is related to income when starting the business, this variable may reflect the opportunity 
cost of leaving paid employment for self-employment. Baseline income for both groups was 
similar, but slightly higher for non self-employed households. The respondents’ baseline credit 
score is included as a measure of the households’ access to credit. Households that became self-
employed had a slightly higher credit score on average. The households’ baseline loan to value 
ratio is included to see how the mortgage characteristics influence the entrepreneurial decision. 
All households in the panel had relatively high LTVs, but a higher proportion of those who 
became self-employed had LTVs lower than 90%.   
Results 
In this paper I explore what factors are empirically associated with entrepreneurship, 
operationalized as self-employment among low and moderate income (LMI) households. Further, 
my purpose is to determine whether these associated factors are different for self-employed 
people who have employees and those who work only on their own account.  Using data from a 
ten-year household survey, I first used binary logistic models to predict the likelihood that the 
head of household was self-employed in at least one year of the ten year panel study based on 
demographic and financial characteristics. I then expanded this methodology using three-
category cumulative logistic models that predict whether the head of household was self-
employed and had employees (an “employer”), was self-employed but never had employees (an 
“own-account worker”), or was never self-employed during the panel. This model rests on the 
assumption that the employer self-employed are more entrepreneurial since having employees 
indicates a level or organization and economic impact greater than that of a single individual 
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operating on their own account. In the first specification of each model, I included only 
demographics characteristics. In the second specification of each model, I also included the 
household financial characteristics. I tested for multicollinearity between the variables. VIF 
scores for all of the variables were below 4, and the education variables were the only variables 
which had VIF scores above 3, which suggests that multicollinearity is not a serious problem in 
my models. 
Table 6 shows the results of the first binary logistic model, which estimates the 
probability that the respondent was self-employed, using the broadest definition, in at least one 
year. Being male and white were significant predictors of self-employment in the first 
specification, which included only demographic household characteristics. The predicted odds of 
being self-employed were 29% higher for male respondents than for female respondents. The 
odds of being self-employed for black respondents were 33% lower than the odds for white 
respondents.  
Upon adding housing financial characteristics to the model, being married, loan to value, 
and receiving a windfall were also significant. The predicted odds of being self-employed were 
lower for respondents who had received a windfall prior to becoming self-employed than for 
those who had not. For three of the loan to value ratio categories, which are all above 90%, the 
predicted odds of the respondent being in a higher category (of being more entrepreneurial) are 
around half the odds of those with an LTV ratio of 0.9 or below. The odds of being self-
employed were 1.38 times higher for those who were married than for those who were single. 
Table 7 shows the results of the second binary logistic model, which estimates whether a 
respondent was self-employed with employees in at least one year. None of the independent 
variables significantly predicted self-employment in this model.  
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Table 8 shows the results of the cumulative logistic model which divides the self-
employed into those with and without employees. The score test of the proportional odds 
assumption for each specification had a p-value of .96 or higher, indicating that the proportional 
odds assumption holds and that the cumulative logistic model is an appropriate estimator 
(Allison, 1999). The results of each specification of this model were very similar to the results of 
the first binary model, which predicted the likelihood of entering into either type of self-
employment.  
Table 9 shows the results of the second cumulative logistic model, in which the race and 
gender variables are replaced with a combined interaction variable. In this model, the odds of 
being self-employed for black women were 0.43 times the odds for white men; no other 
combined race and gender variable was significant.  
Discussion 
The lower likelihood of minorities and women being entrepreneurs is a widely 
documented phenomenon. I find that these relationships hold in a sample of low and moderate 
income homeowners. In particular, I find that the combined impact of being both a woman and 
black is especially detrimental to the probability that a homeowner becomes an entrepreneur. 
I expected that the receipt of a windfall would increase the probability of self-
employment; however, in my models it was significantly negatively related, which is contrary to 
much of the literature on the subject. From the way the question is worded, this variable includes 
bonuses, lottery winnings, prizes, gifts from friends and family, and even government stimulus 
payments. As income shocks to households, these may differ greatly in the extent to which they 
are anticipated and in how they are used, confusing the interpretation of my results. Indeed, 
research by Georgellis et al (2005) suggests that different windfalls affect entrepreneurial entry 
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differently. Future research should scrutinize how windfalls of different types and amounts 
impact entrepreneurial decisions for low income homeowners.  
Interesting is the significance of the marriage and loan to value variables in three of my 
models. The positive association of marriage and self-employment is consistent with the 
literature; having a second earner or potential earner may be an important hedge against the risk 
of self-employment, and a spouse may also provide valuable assistance with the new business. 
The negative relationships between LTV and entrepreneurship are consistent with the finding by 
Bracke, Hiber, and Silva (2014) that higher leverage on a home was associated with a decrease in 
the probability of becoming an entrepreneur in Great Britain between 1991 and 2008.  
Contrary to my expectations, I did not find evidence to suggest that any of the above 
predictors are more or less binding on employers than on the own-account workers. Indeed, the 
lack of significant predictors when examining the predictors only for the group of employers 
suggests that the results in my other models are driven primarily by the sample of own-account 
workers. In this case, using a cumulative model to analyze a spectrum of self-employment does 
not provide additional insight beyond that provided by the binary model. This may be due fully 
or in part to the small sample size (n=73) of self-employed individuals with employees.  
Limitations 
A key limitation of this study is the use of baseline predictors for a sample pooled across 
ten years. Using baseline characteristics for the explanatory variables keeps the time period of 
the predictor variables constant, which is important for exploring mortgage origination 
characteristics. However, it is important to note that because households entered self-
employment at different times, baseline characteristics may be less related to the decision to 
become self-employed for households in which the employment transition was made in one of 
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the later years of the survey. The situation of a household may have changed significantly over 
the time period, particularly the financial situation.  
Additionally, the binary and cumulative occupational choice models that I used present 
employment type as a discrete and mutually exclusive choice when in reality, it may be more of 
a continuum. This dichotomy may leave out nascent entrepreneurs; that is, would-be 
entrepreneurs who are working on a business idea on the side while still employed in a wage 
earning job or while still considering themselves unemployed. For some there may be a 
transition period before starting a business that is not captured in my data or models. For 
individuals who have lost their jobs, self-employment may be a temporary situation while they 
seek permanent employment. For my analysis, the pooled sample design does not control for 
longitudinal characteristics such as whether an individual was employed or unemployed prior 
becoming self-employed. Thus the design may conceal differences in the experiences of these 
groups, which Fairlie (2012) found may be significant.  
The cross-sectional structure also complicates my analysis of whether predictors vary 
between self-employment types. Because my sample is pooled over ten years, having employees 
may be related to the longevity and growth of a company. That is, those in the employer category 
may have had employers since the day they started their business, but they may instead have 
started as an own-account worker and added employees in later time years of the survey. Thus 
the models that separate employers as a group within the dependent variable may predict not 
only entry into entrepreneurship, but also some level of success and continuity of operations over 
several years.  
Another limitation is that my data source originates from a portfolio of Community 
Reinvestment Act (CRA) motivated loans. The CRA encourages banks to lend to household in 
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low to moderate income neighborhoods that are traditionally underserved by financial 
institutions. This data source allows a targeted examination of low and moderate income 
households. However, Self-Help’s selection criteria for the Community Advantage Program 
means that there is limited variation in underwriting characteristics and that underwriting criteria 
may not be representative of the general low income homeowner population, who may have 
received riskier loans or less favorable loan terms. While the CAP mortgages are structured as 
prime loans, they are also low down payment loans with relatively high levels of leverage. The 
program was meant to provide a pathway for these households to build wealth, but at origination 
participants had relatively low levels of wealth and income. Any given business starter in the 
panel has owned a home for no more than ten years, and many for fewer. Therefore they may not 
have had time to accumulate the level of equity needed in the home to provide them with the 
means to pursue another large investment.  
Future research should consider how the probability of starting a business changes given 
the longevity of homeownership and the accumulation of equity. That is, to what extent building 
home equity over a series of years enabled homeowners to start and sustain their own businesses. 
My pooled sample methodology provides an initial exploration of the topic; future research 
should use more complex methods to take full advantage of the longitudinal design of the panel. 
Conclusion 
I predicted the likelihood that a low- to moderate- income household is entrepreneurial 
based on their demographic and financial characteristics. My findings confirm that minority 
homeowners, particularly African Americans, are significantly less likely to be entrepreneurs 
than white ones, and females less likely than males. These results persist even when controlling 
for income, age, education, marital status, geographic region, and credit score. In addition, the 
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results indicate that the loan-to-value ratio of a household’s mortgage is negatively associated 
with the likelihood of becoming an entrepreneur. These results suggest that highly leveraged 
households may be less likely to engage in entrepreneurship. However, I find that the receipt of a 
windfall that provides financial liquidity to the household is negatively related to the probability 
of becoming an entrepreneur. 
This paper contributes to the literature by examining whether the predictors of self-
employment vary for self-employed people with and without employees. Those with employees 
may be considered more “entrepreneurial” by economic definitions to the extent that their 
business has a larger impact on the broader economy through job creation and scale of activity. I 
also contribute by examining the effect of mortgage characteristics on self-employment entry. 
Using lender provided mortgage underwriting data provides a more reliable source of financial 
information than surveys. Future research should consider how the relationship between 
mortgage debt and entrepreneurship may change over the course of the loan as well as how the 
entrepreneurial activities of low income homeowners compare to those of similar renters. 
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Specification 1  
 
Specification 2 
Predictor Est. 
Std 
Error 
Odds 
Ratio P   Est. 
Std 
Error 
Odds 
Ratio P 
A. Demographic Characteristics 
         Male 0.2393 0.1349 1.27 0.0759 
 
0.2561 0.1371 1.292 0.0617 
Kids (Ref=0) 
         
   1 -0.1657 0.1626 0.847 0.3080 
 
-0.1763 0.1643 0.838 0.4816 
   2+ -0.0770 0.1611 0.926 0.6329 
 
-0.1048 0.1647 0.900 0.2831 
Age (Ref 18-29) 
         
   30-39 0.0467 0.1455 1.048 0.7483 
 
0.0421 0.1493 1.043 0.7779 
   40-49 0.0004 0.1826 1.000 0.9984 
 
-0.0206 0.1865 0.980 0.9122 
   50+ -0.2125 0.2502 0.809 0.3957 
 
-0.2834 0.2541 0.753 0.2647 
Race (Ref= White) 
         
   Black -0.3992 0.1833 0.671 0.0294 
 
-0.4485 0.1885 0.639 0.0173 
   Other -0.1266 0.1646 0.881 0.4418 
 
-0.1957 0.1683 0.822 0.2449 
Marital Status (Ref=Single) 
         
   Married 0.2322 0.1724 1.271 0.1780 
 
0.3198 0.1757 1.377 0.0687 
   Partner or Companion 0.1712 0.2182 1.182 0.4329 
 
0.2078 0.2203 1.231 0.3454 
   Widowed/Divorced/Separated -0.1160 0.2203 0.884 0.5986 
 
-0.1106 0.2226 0.895 0.6193 
Education (Ref= HS) 
         
   Less than High School -0.1328 0.2609 0.876 0.6108 
 
-0.1384 0.2632 0.871 0.5988 
   Some College/ Associates 0.1439 0.1578 1.155 0.3620 
 
0.1984 0.1610 1.219 0.2179 
   Bachelors or Higher 0.0948 0.2746 1.099 0.6003 
 
0.2514 0.1908 1.286 0.1877 
          
B. Financial Characteristics 
         
Annual Income (log) 
     
-0.1250 0.1776 0.883 0.4816 
Credit Score (Ref=640) 
         
   641-680 
     
0.0402 0.1656 1.041 0.8080 
   681-720 
     
0.1534 0.1687 1.166 0.3634 
   >720 
     
-0.0892 0.1774 0.915 0.6151 
LTV (Ref=<91%) 
         
   91-95% 
     
-0.6977 0.2822 0.498 0.0134 
   96-97% 
     
-0.776 0.1904 0.460 <.0001 
   98-99% 
     
-0.3322 0.2518 0.717 0.1869 
   100%+ 
     
-0.6842 0.1995 0.504 0.0006 
Received Windfall 
     
-0.6523 0.1475 0.521 <.0001 
          
Intercept -2.5112 0.2148 
 
<.0001 
 
-0.5354 1.7909 
 
0.7650 
 AIC 2134.8         2099.1 
 
    
Note: N=3576. Estimations: (1-2) Binary logistic model. Models probability that respondent became self-
employed in at least one year of the panel (n=315). p-values < 0.1 are shown in bold.  
 
Table 6: Binary Logit Model- All Self Employment 
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Specification 3  
 
Specification 4 
Predictor Est. 
Std 
Error 
Odds 
Ratio P   Est. 
Std 
Error 
Odds 
Ratio P 
A. Demographic Characteristics 
         Male 0.4216 0.2776 1.524 0.1288  0.4270 0.2803 1.533 0.1276 
Kids (Ref=0)          
   1 -0.3012 0.3321 0.740 0.3644  -0.3530 0.3338 0.703 0.2904 
   2+ -0.1946 0.3176 0.823 0.5400  -0.2957 0.3251 0.744 0.3630 
Age (Ref 18-29)          
   30-39 0.1910 0.2879 1.210 0.5070  0.1472 0.2955 1.159 0.6185 
   40-49 0.2043 0.3520 1.227 0.5617  0.1818 0.3575 1.199 0.6111 
   50+ -0.8903 0.6428 0.411 0.1660  -0.9370 0.6466 0.392 0.1473 
Race (Ref= White)          
   Black -0.4916 0.3994 0.612 0.2184  -0.6472 0.4061 0.524 0.1110 
   Other 0.0714 0.3117 1.074 0.8189  -0.0396 0.3193 0.961 0.9014 
Marital Status (Ref=Single)          
   Married 0.4175 0.3512 1.518 0.2345  0.4695 0.3554 1.599 0.1865 
   Partner or Companion -0.0006 0.4787 0.999 0.9990  0.0189 0.4803 1.019 0.9686 
   Widowed/Divorced/Separated 0.1178 0.4511 1.125 0.7939  0.1371 0.4538 1.147 0.7626 
Education (Ref= HS)          
   Less than High School 0.1111 0.5140 1.117 0.8289  0.2069 0.5207 1.230 0.6911 
   Some College/ Associates 0.3161 0.3323 1.372 0.3415  0.4328 0.3444 1.542 0.2089 
   Bachelors or Higher 0.3423 0.3720 1.408 0.3576  0.6281 0.3934 1.874 0.1103 
 
         
B. Financial Characteristics          
Annual Income (log)      -0.1100 0.3381 0.896 0.7449 
Credit Score (Ref=640)          
   641-680      0.1525 0.3059 1.165 0.6182 
   681-720      -0.1823 0.3431 0.833 0.5953 
   >720      -0.5903 0.3839 0.554 0.1240 
LTV (Ref=<91%)          
   91-95%      -0.0078 0.5313 0.992 0.9882 
   96-97%      -0.3804 0.4097 0.684 0.3532 
   98-99%      0.1270 0.5152 1.135 0.8053 
   100%+      -0.5013 0.4381 0.606 0.2524 
Received Windfall      -0.4040 0.2858 0.668 0.1575 
 
         
Intercept -4.466 0.4586  <.0001  -2.8803 3.4311  0.4012 
 AIC 726.35 
    
725.18 
   
Note: N=3576. Estimations: (3-4) Binary logistic model. Models probability that respondent became self-
employed and had one or more employees in at least one year of the panel (n=73). p-values < 0.1 shown in bold.  
 
Table 7: Binary Logit Model- Employers Only 
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  Specification 5 
 
Specification 6 
Predictor   Est. 
Std. 
Error 
Odds 
Ratio P 
 
Est. 
Std 
Error 
Odds 
Ratio P 
A. Demographic Characteristics 
          Male 
 
0.2442 0.1348 1.277 0.0700 
 
0.2609 0.137 1.298 0.0568 
Kids (Ref=0) 
             1 
 
-0.1694 0.1625 0.844 0.2972 
 
-0.1809 0.1642 0.834 0.2704 
   2+ 
 
-0.0790 0.1609 0.924 0.6235 
 
-0.1077 0.1644 0.898 0.5123 
Age (Ref 18-29) 
             30-39 
 
0.0484 0.1454 1.050 0.7390 
 
0.0408 0.1491 1.042 0.7846 
   40-49 
 
0.0040 0.1823 1.004 0.9827 
 
-0.0185 0.1862 0.982 0.9207 
   50+ 
 
-0.2215 0.2505 0.801 0.3765 
 
-0.2916 0.2544 0.747 0.2516 
Race (Ref= White) 
             Black 
 
-0.3991 0.1832 0.671 0.0294 
 
-0.4545 0.1884 0.637 0.0166 
   Other 
 
-0.1223 0.1643 0.885 0.4567 
 
-0.1963 0.1681 0.822 0.2428 
Marital Status (Ref=Single) 
             Married 
 
0.2345 0.1722 1.264 0.1732 
 
0.3189 0.1754 1.376 0.0690 
   Partner or Companion 
 
0.1647 0.2184 1.179 0.4506 
 
0.1932 0.2206 1.213 0.3811 
   Widowed/Divorced/Separated 
 
-0.1125 0.2201 0.894 0.6094 
 
-0.108 0.2224 0.898 0.6274 
Education (Ref= HS) 
             Less than High School 
 
-0.1265 0.2605 0.881 0.6273 
 
-0.1255 0.2626 0.882 0.6327 
   Some College/ Associates 
 
0.1483 0.1578 1.160 0.3474 
 
0.2042 0.1611 1.227 0.2047 
   Bachelors or Higher 
 
0.1009 0.1808 1.106 0.5766 
 
0.2588 0.1908 1.295 0.1720 
         
B. Financial Characteristics 
          Annual Income (log) 
 
    
 
-0.1216 0.1773 0.886 0.4929 
Credit Score (Ref=640) 
      
    
   641-680 
      
0.0443 0.165 1.045 0.7883 
   681-720 
      
0.1445 0.1686 1.155 0.3915 
   >720 
      
-0.1017 0.1775 0.903 0.5665 
LTV (Ref=<91%) 
             91-95% 
      
-0.6752 0.2815 0.509 0.0165 
   96-97% 
      
-0.7585 0.1906 0.468 <.0001 
   98-99% 
      
-0.3134 0.2515 0.731 0.2128 
   100%+ 
      
-0.6723 0.1998 0.511 0.0008 
Received Windfall 
      
-0.6435 0.1472 0.525 <.0001 
           Intercept 
 
-4.058 0.2382 
 
<.0001 
 
-2.1495 1.7913 
 
0.2302 
Intercept 2 
 
-2.519 0.2148 
 
<.0001 
 
-0.5863 1.7886 
 
0.7430 
AIC  2477.4         
Note: N=3576. Estimations:  (5-6) Cumulative logit model. Dependent variable had three categories- 1= Employer 
self-employed (n=73), 2=Own-account self-employed (n=242), 3=Never self-employed (n=3261). Probabilities are 
cumulated over lower values of the dependent variable. p-values < 0.1 are shown in bold. 
 
Table 8: Cumulative Logit Model 
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  (7) 
 
(8) 
Predictor   Est. 
Std. 
Error 
Odds 
Ratio P   Est.  
Std 
Error 
Odds 
Ratio P 
A. Demographic Characteristics 
          Race (Ref= White male) 
          White Female 
 
-0.1680 0.1578 0.845 0.2872 
 
-0.1908 0.1597 0.8260 0.2322 
Black Male 
 
-0.1724 0.2571 0.842 0.5025 
 
-0.2329 0.2620 0.7920 0.3740 
Black Female 
 
-0.7604 0.2520 0.467 0.0025 
 
-0.8287 0.2570 0.4370 0.0013 
Other Male 
 
-0.0892 0.1927 0.915 0.6434 
 
-0.1699 0.1970 0.8440 0.3886 
Other Female 
 
-0.3473 0.2879 0.707 0.2276 
 
-0.4301 0.2913 0.6500 0.1399 
Kids (Ref=0) 
             1 
 
-0.1655 0.1627 0.847 0.3089 
 
-0.1775 0.1644 0.8370 0.2802 
   2+ 
 
-0.0695 0.1613 0.933 0.6664 
 
-0.0972 0.1649 0.9070 0.5556 
Age (Ref 18-29) 
             30-39 
 
0.3999 0.1458 1.041 0.7842 
 
0.0335 0.1494 1.0340 0.8227 
   40-49 
 
-0.0050 0.1827 0.995 0.9780 
 
-0.0272 0.1866 0.9730 0.8842 
   50+ 
 
-0.2339 0.2512 0.791 0.3518 
 
-0.3021 0.2550 0.7390 0.2361 
Marital Status (Ref=Single) 
             Married 
 
0.2270 0.1723 1.255 0.1878 
 
0.3109 0.1755 1.3650 0.0765 
   Partner or Companion 
 
0.1520 0.2186 1.164 0.4870 
 
0.1801 0.2208 1.1970 0.4148 
   Widowed/Divorced/Separated 
 
-0.1170 0.2207 0.890 0.5959 
 
-0.1133 0.2229 0.8930 0.6111 
Education (Ref= HS) 
             Less than High School 
 
-0.1256 0.2606 0.882 0.6300 
 
-0.0126 0.2627 0.8810 0.6310 
   Some College/ Associates 
 
0.1489 0.1578 1.161 0.3456 
 
0.2042 0.1611 1.2270 0.2050 
   Bachelors or Higher 
 
0.1000 0.1809 1.105 0.5803 
 
0.2573 0.1908 1.2930 0.1774 
           B. Financial Characteristics 
          Annual Income (log) 
      
-0.1254 0.7730 0.8820 0.4792 
Credit Score (Ref=640) 
             641-680 
      
0.0447 0.165 1.046 0.7864 
   681-720 
      
0.1453 0.1686 1.156 0.3887 
   >720 
      
-0.1035 0.1776 0.902 0.5599 
LTV (Ref=<91%) 
          91-95% 
      
-0.6936 0.2821 0.5 0.014 
96-97% 
      
-0.7647 0.1907 0.465 <.0001 
98-99% 
      
-0.3249 0.2518 0.723 0.197 
100%+ 
      
-0.68 0.1999 0.507 0.0007 
Received Windfall 
      
-0.6385 0.1473 0.528 <.0001 
           Intercept 
 
-3.8362 0.2312 
 
<.0001 
 
-1.862 1.8089 
 
0.3033 
Intercept 2 
 
-2.2963 0.2072 
 
<.0001 
 
-0.2988 1.8063 
 
0.8686 
AIC  2480.02     2442.3    
Note: N=3576. Estimations:  (7-8) Cumulative logit model. Dependent variable had three categories- 1= Employer 
self-employed (n=73), 2=Own-Account self-employed (n=242), 3=Never self-employed (n=3261). Probabilities 
are cumulated over lower values of the dependent variable. p-values < 0.1 are shown in bold. 
 
Table 9: Cumulative Logit Model- with Race & Gender Interaction Variables 
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